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I, DANIEL S. LEVY, being duly sworn, state:

1. I have personal knowledge of the facts set forth herein, and [ am competent to

testify thereto as a witness.

I Qualifications

2. My name is Daniel S. Levy. [ have a Ph.D. in Economics from The University of
Chicago. I serve as the National Leader of Economic Matters for Arthur
Andersen’s Strategy, Finance, and Economics Group. A copy of my resume may

be found in Appendix B.
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Purpose and'Organization of the Affidavit

The purpose of this affidavit is to respond to the Commission's request for a
simple vet rigorous methodology for analysis of Ameritech Michigan’s
performance measurements. The discussion below describes a methodology that
will allow Ameritech Michigan. its competitors, and the Commission to determine
whether‘Ametitech Michigan is meeting its contractual obligations. In order to
make such a determination. Ameritech Michigan's performance in support of
competitive local exchange carrier (CLEC) operations and end-users is either
compared to performance standards or to Ameritech Michigan's performance in
service of its retail customers. The results of these comparisons are used to
determine whether or not Ameritech Michigan discriminates against CLECs in

providing services to either the CLEC itself or its end-users.

Section III below details the proposed methodology. This methodology is based
on statistical techniques that are well-known and accepted by courts,
telecommunications companies, and academic experts. Section IV discusses the
value of statistical techniques in assessing the quality of service that
telecommuhications companies provide in support of various groups of end-users.
Section V develops the statistical measures that are used in the proposed
methodology. Section VI details the proposed methodology for identifying when

remedies will be employed. Section VII discusses the support that many
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telecommunication companies have expressed for the use of statistical techniques

similar to those proposed here. Section VIII provides conclusions.

Proposed Testing Method

This affidavit discusses two well-known statistical tests that can be used to
determine whether Ameritech Michigan is providing non-discriminatory service.
The testing protocol discussed is based on the z-test, which has been endorsed by
a range of telecommunication companies and has been selected because it can be
implemented through standard commercially available software. The test
proposed employs a 95 percent, one-tailed, confidence interval. It calls for

quarterly testing, which provides larger sample sizes that will increase the chance

of identifying true disparity.

The method discussed here employs components of Ameritech’s previous parity
testing proposal to the FCC. At the request of the Michigan Commission Staff,
Ameritech Michigan has simplified its previous proposal for parity testing. The
parity testing methods proposed by Ameritech to the FCC do provide additional
benefits that the Commission may want to consider. However, in order to comply

with the wishes of the Commission Staff, Ameritech has proposed a simplified

methodology.

[9Y]
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7. An additional test, Fisher's exact test. is proposed for situations where the z-test is
generally considered inappropriate due to specific characteristics of the measure
being tested and comparatively small sample sizes. Again. the proposed test
employs a 935 percent, one-tailed. confidence interval. Like the z-test. this test is

well-known and generally accepted.

8. The proposed tests are based on quarterly data. which will increase sample sizes.
and thus increase the ability to detect disparity of performance during the test
period. In addition. as mentioned above. larger sample sizes vielded by quarterly
testing will reduce the impact of ran’dom fluctuations in performance that are

likely to result from random chance.
IV. Benefit of Statistical Methodology

0. Obviously, the level of performance experienced by Ameritech Michigan’'s own
end-users will vary from quarter to quarter, month to month, and even from day to
day. For each performance measure, a given result in a quarter contains a random
component.' The observed performance of Ameritech Michigan on any given
performance measure will change from one period to the next even if the

underlying performance of Ameritech Michigan is consistent over time.

' See AT&T ex parte communication to the FCC dated February 3. 1998
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Therefore, the observed performance of Ameritech Michigan in a given quarter is

viewed as a “sample”, in statistical terms. of the underlving level of pertormance

provided to end-users by Ameritech Michigan.

Similarly. even though Ameritech Michigan may be providing equal levels of
service to both its own and CLEC end-users. random variation and chance will
result in differences in measured performance for CLEC and Ameritech Michigan
transactions during anv given measurement period. The statistical methods
discussed here can be used to distinguish between differentials in performance

generated by random chance and those attributable to Ameritech Michigan.

Because of the complexity of factors that affect Ameritech Michigan’s
performance. it is likely that on occasion these standard tests will indicate
discrimination when in fact there is no discrimination. It is possible that more
detailed analysis of the source of disparity may demonstrate that the appearance of
disparity is erroneous. This additional analysis may require further levels of
disaggregation or alternative statistical methods. In some cases, the apparent
disparity will not reflect true disparate service, but rather will be attributable to

some acceptable market factor that was not reflected in the first-stage analysis.

For example, consider the situation of a CLEC, which submitted, in March 1998,

a disproportionate number of its 911 customer record updates on March 235th.

g
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Because the computer systems were malfunctioning on that date, the customer
record update processes were delaved for both CLEC and Ameritech Michigan
retail customers. The data indicate that this CLEC received disparate treatment in
March. However. the apparent disparity was not due to discriminatory service. [f
the CLEC had not submitted a disproportionate number of files on March 25th. its

performance data would indicate parity for that month.

13.  The statistical analyses and testing protocols that are outlined in this affidavit are
based on the assumption that if parity is not observed. the first course of action

should be to investigate whether there is an explanation for the apparent disparity.

14. The statistical methods outlined have the following goals.
¢ Provide a high likelihood of correctly assessing remedies for disparity
when disparity exists.
e Provide a low likelihood of incorrectly assessing remedies when parity
exists.
e Provide a comparison of performance that reduces the impact of random
variation.

¢ Provide a testing protocol that is easy to implement and verify.

13. Statistical tests provide the ability to achieve these goals. In addition. statistical

tests such as these have been recognized by regulators, courts, and the scientific
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community. For these reasons among others. many telecommunications
companies have agreed that statistical tests should be emploved for performance
testing.” The tests have been chosen because of their ease of implementation.
which the Staff has requested. In some situations. it may be appropriate to
employ alternative tests. However, the z-test and Fisher’s exact test are a pair of

well-known and accepted tests that can be employed in a broad range of relevant

settings.

A. Why a Statistical Methodology is Necessary

16.  Statistical tests are designed to measure whether observed differences in
performance are unlikely to result from anything other than the typical random
variation that would be expected in this type of data. Consider the situation in
which Ameritech Michigan provides exactly identical repair service to both CLEC
and retail customers. In any quarter, the observed service to CLEC and retail
customers will be slightly different due to random variations in the types of
problems that occur. To the extent that these differences are small, they may not

reflect a meaningful difference between Ameritech Michigan’s measured

performance for CLEC and retail end-users.

* See Section VI below.
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For example, in March 1998, the average time required to provide a repair —
Mean-Time-to-Repair — for Ameritech Michigan retail customers was 39.32
hours. Even it Ameritech Michigan were providing non-discriminatory service. it
is unlikely that the Mean-Time-to-Repair tor a CLEC's resale customers would be
exactly 39.32 hours. Instead. because of random variation in performance tor all
customers. service to CLEC customers will be worse than service to retail
customers about half of the time. Of course. the other half of the time
performance to retail customers will be worse than that provided to CLEC
customers. It will almost never be the case that performance to any two groups of

end-users will be exactly the same.

The effect of this type of random variation on observed performance is not unique
to the telecommunications industry. [t also affects many aspects of our everyday
lives. from the complex to the mundane. Consider, for example. a perfectly fair
coin that is tossed 500 times. One expects to see the coin come up heads 250
times and tails 250 times. But in fact this does not always happen. There is more
than a 16-percent chance that the 500 tosses will result in more than 261 heads.
There is an equal probability that the 500 tosses will result in less than 239 heads.
These results follow from the laws of probability. If one concludes that the coin
is biased based on a criterion of observing at least 261 heads, a fair coin would be

erroneously judged as being biased 16 percent of the time.
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To make the tc;in toss example more directly comparable to Ameritech
Michigan’s situation. consider the following scenario. Two fair coins are tossed
500 times each. We know that both coins will tend to produce 230 heads. A non-
statistical methodology might conclude that there was disparity whenever the
“CLEC™ coin produced fewer heads than the “Ameritech Michizan retail™ coin.
However. even though both coins are fair. due to random variation there is a low
probability that both coins will produce the exact same number of heads in a set of
500 tosses. A non-statistical methodology that judged the “parity of
performance” of the two coins based simply on whether one coin produced more
heads than the other would indicate an apparent disparity nearly 50 percent of the
time, even though the two coins were both perfectly fair. Clearly, two fair coins
are in exact parity all of the time. It is simply random variation that leads to

apparent disparity half of the time.

This same type of random variation affects Ameritech Michigan’s observed
performance in its service to any two randomly selected groups of end-users in a
given month or quarter. Consider a specific example drawn entirely from
Ameritech’s own retail customers’ experience with Mean-Time-to-Repair. To
demonstrate the effects of random chance on measured performance, [ randomly
selected 1,000 groups, each containing 1.000 end-users, from Ameritech’s retail
customer base. Because these selected end-users are actual Ameritech customers.

they are receiving an underlying level of service that is, by detinition,
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nondiscriminatory compared to

Figure 1
Apparent Discrimination Caused by Random Chance
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the broader pool of Ameritech customers. which experienced a Mean-Time-To-
Repair of 34.7 hours.” The graph above illustrates the variation in Mean-Time-to-

Repair for these groups.

21. As Figure | shows, about 48 percent of theb 1.000 groups sampled had a Mean-
Time-to-Repair above the average of 34.7 hours. If one were to judge
performance and award remedies on a non-statistical basis. Ameritech Michigan
would make remedy payments to approximately 483 out of 1,000 groups of its

own retail customers.

22.  Statistical methodologies recognize the inherent variability in the type of

pertormance data at issue here. The steps needed to conduct these statistical tests -

* Note that this calculation includes trouble reports that came clear, and trouble reports with no trouble
found. Also. the calculation reflects the average across all of Ameritech's retail customers, not just
Michigan.

10
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are described in greater detail below.
Basic Statistical Concepts and Terms
A. Binary Data versus Continuous Data

There are two broad categories of data reflected in Ameritech Michigan's
performance measurements: binary data and continuous data. Binary measures
have only two possible outcomes for a given event. For instance, the Trouble-
Report-Rate is a binary measure, since there are only two possibilities for a given
phone l\ine: either it had a trouble, or it didn’t. Similarly, Confirmed-Due-Dates-
Not-Met is a binary measure since for any particular due date there are only two

options: either the due date was met, or it was not met.

In contrast, continuous data can take on any value along a continuum. For
instance, Mean-Time-To-Repair is a continuous measure because the amount of
time could be one minute, two days, or any other amount of time. Similarly, the
Average-Installation-Interval is a continuous measure. exhibiting a wide range of

possible values for the measured amount of time to install.
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B. The Mean

A primary question in performance measurement is whether Ameritech
Michigan’s “tvpical” service for CLEC end-users is different from the “tvpical™
performance provided to Ameritech Michigan's own retail customers. The
“mean.” or "average,” is a widely used measure of typical performance,
representing the “center” of a group of values. The mean can be interpreted as the
“expected value™ of the data. Clearly. some customers will experience a longer
repair time than the mean, and some will experience a shorter repair time. but the

mean repair time provides an “expected” length of time that a customer will tend

to wait for a repair.

The mean of a group of values, or the sample mean. is simply the sum of all of the
observed data divided by the number of observations. It is important that each
observed value be included in the calculation. For instance, if a certain CLEC had
10 trouble reports in a given quarter, and 7 took 1| hour to repair, and 3 took 3
hours to repair, the Mean-Time-to-Repair would be 1.6 hours. The mean reflects

both the values of the data and the frequency with which those values are

observed.
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X, indicates the observed values of the data. where X is the first observed value. x, is the

second value, etc.
T indicates the summation. In this case. all of the observed values are summed.

n is the total number of observed values.

27.  The same calculation can be used for both continuous and binary measures. The
only distinction that arises with binary measures is that each outcome is assigned
a value of either zero or one. For instance, with Confirmed-Due-Dates-Not-Met.
each due date is assigned the value zero if the due date was met. or assigned the
value one if the due date was not met. If there were 100 installations in a given
quarter, and 95 of the confirmed due dates were met and 5 were missed, then the
mean of this measure would be equal to 0.05, or 5 percent, which is equal to the
sum of the values of the due date data (3) divided by the total number of

observations (100).

28.  Ameritech Michigan’s mean observed performance supplied to any group of end-
users can be calculated and compared to the observed performance supplied to
any other group. As discussed above, due to random variations. it will be rare that
Ameritech Michigan’s observed performance will be identical for CLEC and
Ameritech Michigan end-users. However, with parity of service, it will also be
rare to observe large differences in performance between CLEC and Ameritech

Michigan end-users.
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C. Variance and Standard Deviation

The larger the sample size used to determine the mean. the less variation there
will be in the observed mean. When a mean is based on very few observations.
there is a risk that a single extreme value will have a large impact on the estimated
mean. A mean calculated with many observations will be less susceptible to the

influence of a single or small number of extreme values.

The effect of sample size on the variability of the means can be seen in Figure 2.
The dotted line reflects the distribution of the means from groups with 1.000 end-
users, while the solid line reflects the distribution of the mean »yhén the sample
includes 500 end-users. Again. the information for this graph has been drawn
from the actual experience of Ameritech’s retail customers. The dotted line
reflects the greater precision of the estimate of the mean that is achieved with
larger sample sizes. Notice that proportionally fewer of the groups of 1,000
observations are at the more extreme values. above approximately 36 and below
32. More of the groups of 1.000 observations are found close to 34.7, the mean for
Ameritech’s retail customers for March 1998. With more observations, we are
more likely to obtain a group that has a mean closer to the true mean of the

underlying population.
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Figure 2: The Effects of Number of Observations
on the Distribution of the Monthly Mean
Mean-Time-to-Repair - March 1998
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Since, as Figure 2 demonstrates. the estimate of the mean is more precise when
the group is larger. it is possible to identify smaller differences in means between
two groups, when the groups are larger. The statistical tests described below
specifically account for the fact that larger groups provide a more precise

estimate, increasing the probability of detecting disparity when it exists.

Of course, the precision of the estimated mean is not only influenced by the
sample size, it is also affected by the amount of variation in the underlying
measure. If there is little or no variation in a measure, its mean may be estimated
very precisely with relatively little data. Measures that exhibit large variation in

the performance experienced by individual end-users will require larger sample
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sizes to achieve the same leve] of precision.

In order to determine whether the observed ditferences in performance are likely
to result merely from random chance. we need a measure ot the variability of the
performance measure across CLEC and Ameritech Michigan end-users that
reflects two things: a) the variation in the underlying performance data. and b) the
number of observations. The variance of the mean and the standard deviation of
the mean are common statistical measures of variability in data. With these
measures of variability, it is possible to determine whether observed ditferences in

mean performance levels between groups are likely to result solely from random

chance.

The variance of the data is calculated as follows. The first step is to subtract the
mean of the data set, . from each observation in the data set, X;. These
individual differences from the mean are squared and summed. This total squared

difference is divided by the number of observations minus one to create a measure

of the dispersion in the data.’

Variance of the sample = £[x, - x]* = o°, where ¢ is pronounced “sigma”

(n-1)

* A variance based on data samples is a sample or estimated variance and is more correctly referred to as s’.

The population variance is referred to as o>. However, most documentation of parity testing in the
telecommunications context has referred to sample variances as o7, and we will use this convention as well
unless otherwise noted. The notational difference is not important, but the conceptual difference is.

16
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Standard deviation of the sample = V6 = square rcot of the variance = g

These fundamental statistical concepts are the basis of a well-known statistical

test known as the z-test. In the next section. [ describe the use of the z-test in

implementing the proposed parity test.
Proposed Statistical Tests

A. The z-test

Ameritech has proposed the use of the z-test to determine whether there is a
statistically significant difference between the mean level of performance
provided to two groups. As discussed above, the goal of statistical testing is to
achieve a high probability of awarding remedies when there is true disparity.
while reducing the probability that remedies will te awarded when performance is
not in parity. Achieving these two outcomes will depend on the dispersion ot the
underlying data for the measure in question for both the CLEC and Ameritech

Michigan. as well as the number of observations in the quarter.

The z-test is based on an index tor comparing mezsurement results from different

sources of data. The index is based on the differance between two means. [n this
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case. the index is based on the difference between the mean performance for
CLEC customers and the mean performance for Ameritech Michigan retail

customers. The difference between the two measures is simple to compute.

DIFF= «x AIT " ECLEC

The z-test index adjusts the difference between the two means based on the
standard deviation of that difference. As discussed above. the standard deviation
measures the dispersion of the data and provides a threshold for the typical
variation in the data. The standard deviation of the difference between the means
depends on the variance of the performance for CLEC customers, the variance of

the performance for retail customers, and the number of observations ot CLEC and

retail performance data.’

Varianceps = Gprr = Cclec + O ar = variance of difference between the means

Neree DT

Standard deviationg,rs = SqQrt(0 o) = Goiee = standard deviation of difference between the

means

59.

The z-test can be one-tailed or two-tailed. The one-tailed version of the z-test

identifies cases of disparity in one direction. in this case when the service to the

* See Appendix A to this affidavit for a more detailed discussion.

18
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CLEC end-users is worse than that provided to Ameritech end-users. The two-
tailed version identifies disparity in either direction. Since the object of this
statistical analysis is to test whether Ameritech Michigan’s service provision in its
resale market is worse than it is for its retail customers, the one-tailed z-test is

more appropriate than the two-tailed version.

The z-test that Ameritech Michigan has proposed will tend to produce a finding of
disparity 5 percent of the time even when parity exists. This means that in
situations where Ameritech Michigan is in parity, it will tend to pay a penalty

5 percent of the time. even though it provides the same level of service to both
CLEC and Ameritech Michigan end-users. This finding of disparity will occur
simply due to the random variations in the data. This is depicted in Figure 3.
which shows the probability of observing sample means that are at increasing
distances from the population mean. The z-test is designed so that there is only a
5 percent chance that the sample mean will be more than 1.645 standard

deviations above the population mean.

At the same time, the z-tests proposed here will detect significant levels of
disparity when they exist. For example, based on data from March 1998, a
difference of as little as 2.4 hours in Average-[nstallation-Interval between
Ameritech Michigan and AT&T end-users would be detected by the proposed test
98 percent ofthe time and would be defined as disparity. This means that the z-

19
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test we have proposed has a high likelihood of detecting differences in the level of

performance when they exist.

IFrequency of observation

Figure 3
Distribution of Sample Means from Population Mean

0.09

0.08 There is a 3% chance that random

0.07 variation will cause a z-test index
' greater than 1.643, which would

0.06 generate a remedy payment.

0.05
0.04
0.03
0.02
0.01

229 =23 -1 e -2 08 04 00 04 0.9 1.3 1.7 21 25 29

Number of Standard Deviations from Population Mean

As is tvpical with statistical tests. the ability to detect differences in performance
will depend on how many observations are available for the test. Therefore. for
measures that do not occur as frequently as installations, larger differences would
have to occur before they would become statistically significant. Similarly,
differences in performance between CLECs and Ameritech Michigan will become
more likely to be detected as the size of CLECs increases. This means that if
CLECG:s increase in size over time, the statistical tests proposed here will become
increasingly strict. requiring more similar levels of performance between the

CLECs and Ameritech Michigan before service would be considered in parity.
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Typically. the conditions for emploving a z-test for the comparisons of the mean
of two continuous measures requires at least 30 observations.” Therefore.
Ameritech Michigan has proposed that tests of parity be emploved only in those

situations where both CLEC and Ameritech Michigan end-users have more than

- 30 observations for a given performance measure being tested.

Ameritech has proposed that whenever the z-test index is less than 1.645
performance would be considered “in parity.” For parity tests where the z-test
index is greater than 1.645. the measure would be considered out of parity. unless
Ameritech could demonstrate that more appropriate disaggregation levels or
alternative statistical tests were more appropriate for the specific circumstances of
that measure in the given quarter. As stated above, Ameritech has proposed

quarterly testing. which will increase sample sizes. facilitating the identification

of true disparity.

Although the z-test is a valid and acceptable test for parity for measures that are
calculated as proportions. the underlying assumptions of the z-test are not valid
when data sets are small and the proportions tend to be extreme (close to one or

zero). The required minimum sample size for the z-test depends on the observed

“ See Appendix A for additional discussion on required sample sizes.
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proportion in the data (see Table | below).” Because some of the measures of
interest in this setting (for instance. Confirmed-Due-Dates-Not-Met. or Trouble-
Report-Rate) exhibit small proportions (sometimes less than one percent) and
some of the carriers have small sample sizes. in some cases it may be more
appropriate to use the Fisher’s exact test. [n addition to its merits-when data sets
are small and observed probabilities are low, the Fisher’s exact test is also valid
when the sample sizes are larger and the observed probability is closer to 50
percent. However, we are recommending the z-test. when it is appropriate.
because of its additional power. The calculations for Fisher’s exact test are
described in detail in the Appendix A They can be implemented on standard.

commercially available computer software.

Table 1
Implementation of the z-test
Required Minimum Sample Sizes at
Different Levels of Observed Probabilities®
Sample Proportion Sample Size
0.5 230
0.40r0.6 250
030r0.7 2 80
0.20r0.8 =200
0.10r0.9 > 600
0.050r0.95 > 1400

7 See further discussion in the Appendix A.
* Zar (1984), pp. 385-386.

J
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CLECs have endorsed the use of a statistical methodology

There is wide recognition in the telecommunications industry that statistical
methods are essential for measuring parity of service. The use of statistical
methodology has been endorsed by many of Ameritech Michigan’é competitors in
the local exchange markets.

A. Endorsements of the use of a statistical methodology

e The following statement has been excerpted from a document created by
the Local Competition Users Group (LCUG). a cooperative effort of
AT&T. MCI. Sprint, LCI and WorldCom, dated February 6. 1998 (version
1.0), page 4.

When making the comparison of ILEC results to CLEC results. it
is necessary to emplov comparative procedures that are based upon
generally accepted statistical procedures. [t is important to use
statistical procedures because all of the ILEC-CLEC processes that
will be measured are processes that contain some degree of
randomness. Statistical procedures recognize that there is
measurement variability, and assist in translating results data into
useful decision-making information.

e “Allegiance [Allegiance Telecom, Inc.] agrees that statistical analysis is an
essential tool in determining whether or not an ILEC is meeting its

obligation to provide competing carriers with nondiscriminatory

interconnection and access to OSS. operator services and directory
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assistance.” Source: Comments of Allegziance Telecom. Inc.. dated June

[, 1998. CC Docket No. 98-56, RM-9101, p. 7.

A statistically valid method to evaluate parity is critical to the overall
performance requirement process. Parity cannot be fairly determined
without an appropriate statistical methodology.”™ Source: Comments of
MCI Telecommunications Corporation. dated June 1. 1998. CC Docket

No. 98-56, RM-9101. p. iii.

“Sprint agrees with the Commission that reporting averages of
performance measurements alone may not suffice in uncovering
underlying differences in performance. Thus, Sprint supports the use of
statistical techniques for determining whether there are statistically
significant differences between the ILEC’s performance when
provisioning service to its own retail customers and its performance
toward competing carriers.” Source: Comments of Sprint Corporation,

dated June 1, 1998. CC Docket No. 98-56, RM-9101, p. 6.
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B. Endorsements of the z-test

47. The z-test methodology is consistent with standard methods of statistical testing
and has been endorsed by many telecommunications companies.” The following
statements indicate their support tor this methodology:

e “MCI and the Local Users Group have recommended a statistical
methodology called “the z test”. After examining various statistical tests.
LCUG members determined that the "z test’ methodology best adjusts tor
the probability of errors (1) pointing to parity violations where none exists
and (2) missing parity violations where they do exist.” MCI, Pennsvlvania
CLEC/ILEC facilitation, p. 10, IIL

e  “With respect to the statistical test, the PUCT [Public Ultilities
Commission of Texas] has approved the Z-test to determine the parity of a
performance measurement in SWBT's interconnection agreements with
AT&T and MCL™ Public Utility Commission of Texas, NPRM

Comments, p. 8.

VII. Conclusions

50. Ameritech has recommended a statistical methodology as a test for parity of

service. The statistical methodology provides Ameritech Michigan with strong

"
W
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incentives to maintain nondiscriminatory performance to its CLEC customers by
prescribing a substantial level of r_emedies wherever there is apparent
discrimination. Statistical methods adjust for the day-to-day random variation in
the data. distinguishing between performance differences that may be evidence of
discrimination and performance differences that could arise due to random

chance. They provide a standard. generally accepted methodology for identitving

apparent discrimination.

While the statistical methods described above can be used to compare
performance between Ameritech Michigan’s resale and retail markets. they do not
test for discriminatory behavior. Rather, they indicate how likely it is that
differences in the service provided to each market are or are not due to random
chance. Findings of apparent disparity would not necessarily indicate
discriminatory intent or behavior on the part of Ameritech Michigan. Further
analysis based on statistical tests that are more appropriate for a specific situation
may reject the existence of disparity. Moreover, additional investigation of
particular circumstances for a particular measure for a given quarter may
demonstrate the disparity was not the result of Ameritech Michigan’s actions, but

rather was caused by conditions bevond Ameritech Michigan’s control.

" See, for example. the LCUG response to the NPRM for the 271 rulemaking.
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52. [t should also be noted that even instances of correctly identified disparity may

not justify a legal conclusion of discrimination. either because the cause of the
disparity is bevond the control of Ameritech Michigan or because the magnitude
of the disparity does not warrant such a conclusion. As noted by the FCC.
...even if statisticallv significant differences appear between results tor the
incumbent LEC and the competing carrier, these differences may be too small to
have any practical competitive consequence and may not justifv a legal

conclusion that the incumbent LEC has discriminated against the competing

carrier.”10

Notice of Proposed Rulemaking: Appendix B — Statistical Methods. p. B4.
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APPENDIX A

I. Appropriate Statistical Methods for Testing Parity:
Form of Data and Distributional Assumptions

The statistical analysis proposed by Ameritech Michigan compares Ameritech
Michigan’s performance in providing service to its own retail customers with its
performance in providing service to customers of its competing carriers. Findings of
inferior service provision to its competing carrier customers would indicate “disparity™
between Ameritech’s retail and resale markets. Otherwise. Ameritech Michigan's
performance in both markets would be considered “in parity.” The statistical methods
used to test for parity often depend on the form of the data — binarv or continuous —
describing each of the performance measures being examined.

Binary data are classified into two discrete categories. For example. whether a
line was or was not installed in time is a binary outcome. For binary data, we compare
the frequency of such occurrences for retail customers versus competing carrier
customers. For example. if the proportion of lines needing repairs is 2 percent of all retail
lines but 1 percent of all a competing carrier’s lines. a statistical test could determine how
likely it is that this difference is due to random chance.

Continuous data measure a quantity or a length (e.g.. how long it took to repair a
line, rather than whether a line did or did not need a repair). A comparison of means is
often appropriate for performance measures based on continuous data. For example. if
the average time needed to repair a line is two days for the retail market but three days for
the competing carrier or resale market. a statistical test could determine how likely it is
that this hypothetical difference is due to random chance.

Calculation of the probability that an observed difference is due solely to random
chance depends on the assumptions made regarding the distribution of the data. Choice
of the appropriate test. therefore, depends on making the appropriate distributional
assumptions given the data to be analyzed. Whether the data are binary or continuous
often is important, if not determinative, in making these assumptions. I discuss these
issues below as they apply to parity testing.
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I.A. Statistical Tests for Performance Measures Based on Continuous Data

i) Pooled vs. Separate Variance Tests

When comparing means of continuous performance measures. the z-test is
emploved.! Two ditferent versions of the test may be used depending on the assumptions
made about the variance. or spread. of the populations from which the means were
sampled. [f the variance of the populations trom which both the retail and the resale data
were sampled are assumed to be equal. a z-test using a combined or pooled variance
estimate may be used.” Otherwise. separate variance estimates from the retail and resale
sample data are used.” [ currently use the separate variance version of the z-test in the
comparisons of means since this test makes the fewest assumptions about the underlving
populations. Statistical comparisons of variances should not be considered part of a z-test
but rather. require a different statistical test altogether. Should such tests reveal
svstematic equality in the variances of the retail and resale markets. the pooled version of
the z-test can be used if and where appropriate.

ii) One-tailed v. Two-tailed Tests

The z-test can be one-tailed or two-tailed. The one-tailed version of the test only
identifies cases of disparity in one direction — either resale performance being worse
than retail, or vice versa. The two-tailed version identifies disparity in either direction.
Since the object of this statistical analysis is to test whether Ameritech’s service provision
in its resale market is worse than in its retail market. the one-tailed z-test is more
appropriate than the two-tailed version.

iii) Sample Size

To obtain accurate results when comparing means using a z-test. the means must
be distributed according to a normal distribution. According to the central limit theorem.
as sample size increases, the distribution of sample means becomes increasingly normal.
This result holds for virtually all distributions of data. As one increases sample size. the
speed with which the distribution of sample means approaches normality depends on how
closely the underlying population trom which the data were sampled follows a normal
distribution. Sample sizes of 30 observations are commonly viewed as a minimum
threshold for the distribution of sample means to approach normality.’ Currently, a
sample ot 30 observations is used as a minimum sample size in the parity tests proposed
by Ameritech Michigan. for both samples of CLEC and Ameritech Michigan end-users,
when comparing means using a z-test. This threshold can be increased if warranted by
indications of significant departures from normality in the data.
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[.B. Statistical Tests for Performance Measures Based on Binary Data
i) Limitations of the z-test comparing proportions

Binary data follow a binomial distribution.” For large sample sizes with sample
proportions close to 0.5. the binomial distribution converges to a normal distribution.
Under such circumstances. a z-test can be used to compare differences in proportions.’
However. the smaller the sample size or the more the sample proportions deviate from
0.5. the less appropriate the assumption of normality. Many of the performance measures
based on binary data in the present case involve comparisons of proportions of less than
3 percent, and sometimes less than | percent. [n addition. the sample sizes are otten well
under recommended levels for using the normal approximation.” Due to these data
limitations, there may be situations where Fisher's exact test is more appropriate.

i) Fisher's exact test

Fisher's exact test is a widely understood and generally accepted statistical test for
comparing proportions that can be used when sample sizes are small or sample
proportions are close to zero or one. This test does not require a minimum sample size or
restrict its application to a limited range of sample proportions because it is an exact
statistical test. It does not rely on an approximated distribution. but rather calculates the
exact probability of obtaining specific frequencies of observations. The simple example
below is illustrative.

For the performance measure comparing the percentage of lines needing repairs.
the observed frequencies of retail and resale lines can be arranged in a 2x2 (“two-by-
two™) table (see Table 1). The two columns identify retail or resale observations. and the
two rows identify lines needing or not needing repairs. When testing for parity, the null
hypothesis is that the percentage of resale lines needing repairs is equal to or less than the
percentage of retail lines needing repairs. In this example, if Fisher’s exact test indicates
a statistically significant difference between 25.0 percent (the resale repair rate) and
23.1 percent (the retail repair rate). we would reject the null hypothesis in favor of the
alternative hypothesis — that the percentage of resale lines needing repairs is greater than
the percentage of retail lines needing repairs.

First. the probability of obtaining the observed frequencies is calculated.” Then.
for fixed row and column totals, the corresponding probabilities of every other 2x2 table
which is “more extreme” than the observed 2x2 table are calculated and summed. For the
two-tailed version of the test, more extreme tables are those which are less likely than the
observed table. For the one-tailed version of the test. which is more appropriate for this
analysis, more extreme tables are those indicating worse resale performance than the
observed table (Tables 2-4 below)."

Hi
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This sum of probabilities is added to the probability of obtaining the observed
table. vielding a p-value. which is the result of the test. A large p-value (close to one)
would indicate a high probability of obtaining the observed difference under the null
hypothesis. and a low p-value (close to zero) would indicate a low probability of
obtaining the observed difference under the null hypothesis. Comparing the p-value to a
pre-determined level of statistical significance. typicallv set at «=0.03. determines
whether or not the p-value is small enough to indicate disparity.

Tuble | = Observed Frequencics Tuble 2 — More Extreme Tuble
Prohability = 0.431 Probubility = 0.19/
Resale | Retil | Total Resale | Retail Total
No k] 60 63 No 2 6l 63
Repair Repair
Repair l 18 19 Repair 2 17 19
Total 4 78 82 Total 4 78 82
% Repair  25.0%  23.1% % Repair  50.0%  21.3%
Table 3 - More Extreme Table Tahble 4 — More Extreme Table
Probability = 0.033 Prohabilitv = 0.002
Resale | Retail Total Resale | Retail Total
No i 62 63 No 0 63 63
Repair ! Repair
Repair K} 16 19 Repair 4 15 19
Total 4 78 82 Total 4 78 82
% Repair  75.0%  20.5% ' % Repair  100.0% 19.2%

The one-tailed Fisher’s exact test above yields the p-value:
p=0.431+0.191 +0.035 + 0.002 = 0.639. If the pre-determined level of statistical
significance were set at «=0.05. we would clearly fail to reject the null hypothesis that the
proportion of resale lines needing repairs was the same as the proportion of retail lines
needing repairs because the p-value is much greater than a. [n other words, this
comparison of proportions indicates parity between the retail and resale markets for this
performance measure."
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The examplé above, together with Table 5 below. demonstrate how random
chance and sample size affect determinations of parity. A more superficial treatment of
the data which. for example. compared absolute percentage differences to test for parity
might make a determination of disparity in the case above. However. given the relatively
small sample size. Fisher’s exact test indicates that it is highly likely that the observed
difference is just due to chance. [f the same proportions were observed but with much
larger sample sizes. the likelihood that a resale repair rate 1.9 percentage points greater
than the retail repair rate was due solelv to chance would be greatly reduced. We observe

this situation in table 3 below.

Table 5 — Alternate Observed Frequencies
Probahility = 0.000093

Resale Retail Total
No 3.750 | 461,400 | 465,150
Repair
Repair 1.230 138.600 | 139,850

Total 5,000 600.000 605.000

% Repair  25.0% 23.1%

The p-value for a Fisher’s exact test on the alternate frequencies observed in
Table 5 is p=0.00087, indicating that. with a larger sample size. it is very unlikely that a
difference as large as 1.9 percentage points would be observed if the null hvpothesis of
equal population proportions was true. Since this p-value is less than the pre-determined
level of statistical significance of «=0.03, we would reject the null hypothesis of parity.

These examples indicate the necessity of using a statistical approach in parity
analyses. The choice of the appropriate test and recognition of the influence of sample
size are required to correctly account for randomness in data. Use of non-statistical
approaches when comparing means and proportions would often lead to errors of
interpretation due to the statistical uncertainty in sampled data.



MPSC Case No. U-11850
Ameritech Michigan
Affidavit of Daniel S. Levy
October 31. 1998

I1. Other Statistical Tests

The statistical methods described above are appropriate to apply when testing tor
parity given: a) the data and performance measures being examined to date. and b) the
Statf’s request tor a simple method of implementing a test for parity. [f additional
performance measures require examination. additional data become available, or turther
analysis reveals the need to reexamine the methods that have been applied to date. the
appropriate application of other statistical methods may prove useful. Some of these
methods include Bayesian tests. which allow for the incorporation of prior beliefs about
the data. Others include nonparametric tests. bootstrapping. and permutation tests. which
are subject to limited. if any. constraints regarding distributional assumptions.

vi
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' The score of a z-test is the difference in the sample means relative to the standard deviation of this difference. The
standard error is a measure of the spread of the data that provides an estimate of the tvpical deviation of a difference
in sample means from zero. The null hypothesis for these parity tests — that the population means are equal — is
expressed mathematically by assuming the difference in population means is zero. The larger the observed
difference in means for a fixed standard error. the larger the score of the z-test and the more likelv it is that the
sample means are indeed “different.” or obtained from two different populations rather than from the same
underiving population.

In this analysis our z-test calculations use estimated variances from the sample data. When estimated
variances are used. the results of the test follow a student’s t distribution (Wonnacott and Wonnacott. 1984, p. 264).
It sample sizes are large. however. and the estimated variances can be assumed to be the population variances. the
student’s t distribution will approximate the normal distribution (Wonnacott and Wonnacott. 1984, p. 264). [n this
analysis. we base statistical inferences made from the scores of the z-test on the normal distribution. From
Ameritech’s perspective. this is a conservative approach to testing for parity, because the kurtosis of the normal
distribution is smaller than that of the student’s t distribution (Zar, 1996, p. 95). This makes findings of disparity
more likely than if we relied on the student’s t distribution. The probability density functions of both the normal

and student’s t distributions are listed below (Larsen and Marx, 1986):

IELTAN
if X~ N(u.c)then f.\.(x)=7;-1f;;xe 7 (p. 210)

where p = population mean
o = population standard deviation
= mathematically defined constant ~ 3.14139
=2

¢ = mathematically defined constant 71828
n+l
a 2
if X ~t(n)then f,(x)= = — (p. 341)
Vazx[] = x| [+=
2 n
where 1 =degrees of freedom
[T = gamma function where ['(r) = Ix‘"”e"dx (p- 227).
0

* The formula for the pooled-variance z-test is (Zar, 1996, p. 123):

y T-Flu )

2
8,8,

+
n, n,

where X—, = incumbent LEC sample mean

X, = CLEC sample mean
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44, = incumbent LEC population mean
4t- = CLEC population mean
(,u, - ,u:) =0 under null hypothesis of parity. or equality ot means

L (e

sl rad
(m=-O+(n =1
(Wonnacort and Wonnacott, 1984, p. 232)
where X, = each incumbent LEC observation (1=1.25..) and .X,, = each CLEC

observation {i=123.)

ki .
X, = pooled sample variance =

1, = incumbent LEC sample size

n,=CLEC sample size

If statistical inferences based on the result of the test assume a student’s t distribution rather than the normal
distribution (a t-test instzad of a z-test), the degrees of freedom for this test is:

df =(n, = 1) + (n, =1)(Wonnacott and Wonnacott. 1984, p. 232).

* The formula for the z-test which does not assume equal variances is (Kmenta. {986, p. 1537 and p. [45):

Z=X.-f

2
2
S

+—-
\l"x n

",

Z(Xu'/?'f

where .s',: = ’—"———]—— = incumbent LEC sample variance (Matlack. 1980. p.47)
n -

- (,U, = H, )
.S':Z

He

M e a4
Z (le' -X 2 )-
§y" = L2~ = CLEC sample variance (Matlack. 1980, p.47).
n, -
This version of the z-test is an approximate solution. This problem. know as the Behrens-Fisher problem, has
remained unsoived for over 50 years (Larson and Marx, p.362).
It statistical inferences based on the result of the test assume a student’s t distribution rather than the normal
distribution (a t-test instead of a z-test), the approximation for the degrees of freedom for this test is (Zar. 1996, p.

129):
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df =

* One test of equality of variances ot two assumed normal poptlations is given by the formula below (Kmenta.
1986, pp. 147-148):

2 fy=lny =1

where F, _, _, isthe F distribution with n, —1.n, —1 degrees of freedom. This tests the null hypothesis that

2 2 . . . 2 2 i 2 ; :
O £ 5 against the alternative hypothesis that o >¢; where g and O’y are the two population variances.

* If the populations from which the two means are sampled are normal and the variances of these populations are
identical. the z-test is an exact test. Consequently, it is not subject to the sample size constraints imposed by
reliance on approximations to the normal distribution based on the central limit theorem.

“ The formula for the probability function of the binomial distribution is (Zar, 1996. p. 5315):

{
n. r _(n-r)

W ~ Bln.p)then py(x)= < p'q

where n =sample size
p = probability of event occurring
k = number of events occurring.

" The formula for the test statistic comparing differences in proportions from large sample sizes is (Martin Andrés.
Herranz Tejedor. and Silva Mato, 1993, p.444d):

P\~ D "(”x '”2)

1 1
D (1 = DPran ) —+
n n

] b4

P, = sample incumbent LEC proportion = — = events in sample / sample size

where
n
.k . ‘
;= sample CLEC proportion = — = events in sample / sample size
n,

k, + k,

PA..m =
n + nz



MPSC Case No. U-11830
Ameritech Michigan
Affidavit of Daniel S. Levy
October 51. 1998

7, = population LEC probability

7, = population CLEC probability

(E, -7, ) = () under null hypothesis of parity. or equality of proportions
n, = incumbent LEC sample size

n,=CLEC sample size

Like the z-test on means. the z-test above compares the difference between two proportions relative to the
standard error of the difference of these sample proportions. lt. too. is based on the assumption of normally

distributed means, because proportions are means for binary data. This assumption again allows us to determine the

statistical confidence with which we can say the sample proportions are the “same.” or drawn trom the same
underlying binary distribution.

 Zar (1984, pp. 385-386) provides the following table from Cochran (1977, p.38) with sample size
recommendations for different magnitudes of sample proportions:

Sample Sample Size
proportion
0.3 230 ,
040r0.6 2350
0.530r0.7 2 80
0.20r0.8 2200
0.1 or09 2 600
0.05 or 0.93 2 1.400

® The formula for obtaining the probability of any specific 2x2 table is (Zar, 1996, p. 541):

oe (R,!RZIC,!CI!) l
n! VALY PV Y

where R, and R, =row | total and row 2 total. respectively
C, and C, =column ! total and column 2 total, respectively
fi1 =countin cell: row I, column |
fi» =countin cell: row 1, column 2
/5, =countin cell: row 2, column |

Jf5; =countin cell: row 2. column 2

n = f + fi,+ f3 + f,, =total number of observations

Fisher’s exact test is based on combinatorics. Since the row and column totals are fixed. as one of the tour cell
counts varies. the other three are adjusted accordingly and the probability of observing each resulting 2x2 table
follows the hypergeometric distribution given by the formula (Evans. Hastings, and Peacock, 1993, p. 85):
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X] N-X
ifV ~H(N.X.n)then p,(x) = : \’;*x
n

where N =total sample size (total number of lines in the example in the body of the Appendix A)
X = number of events in total sample (total number of lines needing repair)
n = sample size of comparison category (total number of retail lines)
X = number of events in comparison catezory (number of retail lines needing repair)

where the minimum value of x is max(0.7 -V +.¥) and the maximum value of x is
min(X. n).

" As with the z-test comparing means. since the object of this statistical analysis is to test whether Ameritech’s
service provision in its resale market is worse than it is for its retail customers, the one-tailed version of Fisher’s
exact test is more appropriate than the two-tailed version.

"' An arguable limitation of Fisher’s exact test is that it conditions on both the row and column marginal totals.
meaning that both the row and column totals must be fixed during the calculation. Although fixing the row totals
(repair / no repair) is an unnecessary restriction for testing the resale and retail proportions being compared. many
statisticians have argued that this does not significantly detract from the accuracy of the test, and they do not

hesitate to advocate its use.

“Fisher’s exact test is the most widely known and accepted method for analyzing a 2x2 table ..." (Andrés Martin
and Herranz Tejedor. 1993, p.590).

“It is the probabilities of occurrence in the relevant subset that provide the correct basis for tests of significance. In
other words. we must condition on the margins. whatever the origin of the table. Whether no. one. or two margins

are ‘fixed' in advance is irrelevant.” (Yates. 1984, p. 433

Fisher (1955) and later Yates (1984, together with many other discussants (including Barnard and Cox). argue that
knowledge of the joint distribution of the row totals provides little inference on the magnitude of association evident
in a 2x2 table. Little (1989, p.286) describes the row marginal sums as “approximately ancillary™ because little
information is lost by conditioning on both marginals.

“The Fisher exact test is applicable to contingency tables where both the row totals and column totals are set in
advance of data collection (an uncommon situation). Fortunately, the testing procedure appears to work with other

contingency tables as well™ (Zar, 1984, p. 592).

] One should note, especially when working with small samples. that Fisher’s exact test is conservative.
This decreases the power of the test and increases the likelihood of making Type [l errors — accepting the nuli
hypothesis of parity when parity does not exist. However, it also reduces the probability of making Type | errors —
rejecting the null hypothesis of parity when parity does. in fact. exist. Statisticians have argued that the benefits of
Fisher's exact test outweigh any reduction in power resulting from its use over other methods *... the loss of power
produced by using Fisher's test is very slight in the majority of situations, and this is acceptable in return for the
greater ease of computation and a more generic validity (for all types of sample).” (Andrés Martin and Herranz
Tejedor, 1995, p.379).
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Some statisticians have proposed adjustments to Fisher’s exact test to compensate for its conservatism.
Azgresti (1990) cites Lancaster’s (1961) and Plackett’s (discussion of Yates. 1984) advocacy of the mid-P value
method — using half the P value of the observed table plus the probability of the more extreme tables — “as a good
compromise berween having a conservative test and using randomization on the boundary to eliminate probiems

from discreteness” (Agresti. 1990. p.66).

vi
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